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Abstract

Using data from the 2006 General Social Survey, we compugetslef segregation by race
and along other dimensions of potential social cleavag&eéncbntemporary United States.
Americans are not as isolated as the most extreme recemagss suggest. However, hopes
that “bridging” social capital is more common in broader @aiqtanceship networks than in
core networks are not supported by the GSS data. Insteaehtine acquaintanceship network
is perceived by Americans to be about as segregated as the smaller network of close
ties. People do not always know the religiosity, politicd¢dlogy, family behaviors, or so-
cioeconomic status of their acquaintances, but perceiveidlsdivisions on these dimensions
are high and in some cases rival the extent of racial segoagatacquaintanceship networks.
The major challenge to social integration today comes less the risk of social isolation
than from the tendency of many Americans to isolate theresefkom others who differ on

race, political ideology, level of religiosity, and othetient aspects of social identity.



Introduction

Scholars have long recognized that Americans are sociadiglet! along multiple dimensions. It
is generally believed that social interaction is most higgdgregated along racial lines, but other
forms of segregation have received increased attentionarmpést decade. Skocpol and Fiorina
(1999), for example, contend that patterns of civic engaggrnave become more polarized by
class, while Evans (2003) and Rosenthal (2004) argue tharidens have become more polar-
ized by political ideology. Political conflict between progents of secular and religiously orthodox
values has been especially prominent since the Reagani@negi (Green, 1996; Brooks, 2002).
Coupled with this concern about high levels of segregatmholarization in contemporary Amer-
ican society is new evidence that close ties even to ped@eheself have diminished in the past
twenty years (McPherson et al., 2006).

Given the level of interest in the topic of social integratiat is remarkable how little hard
evidence we have about the extent to which Americans havaciowith people who differ from
themselves on core status and values dimensions. Mosestude indirect measures, or focus
exclusively on friendships, the people that one discussgabitant matters with, or other opera-
tionalizations for the set of people to whom one has straeg tiittle is known about how religion,
political ideology, or social class structure the broad=uaintanceship networks of Americans.
In light of the huge number of studies that focus on residésggregation, it is ironic but true that
the same can be said about racial segregation in acquaastsips. As a consequence, we do not
know whether religion, class, or political ideology rivate in shaping everyday patterns of social
interaction. We do not know whether Americans have moregnatted social networks at their
workplace and in voluntary associations than they do irnr tfaenilies or neighborhoods. These
guestions are the focus of much speculation, but therdlesfiitm knowledge about their answers.

Using data from the 2006 GSS, we compare levels of segregayicace and across the princi-

pal dimensions of potential social cleavage in contemyohkanerica. We study both the relatively
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small networks based on trust relationships and the mugeidacquaintanceship networks of
Americans in order to answer three major questions. Fiost,socially connected are Americans?
Second, to what extent do these connections cross sociablbaas defined by race, socioeco-
nomic markers, political ideology, and religiosity? Thirslthe expected high level of homophily
in core networks offset by greater diversity in the largesugr of people that count as acquain-
tances? Our answers to these questions offer a mix of reassiand concern to those who value
social integration. We find that Americans are not as isdlagesuggested by recent estimates ob-
tained from the 2004 GSS (McPherson et al., 2006). Howewopefthat “bridging” social capital

is more common in broader acquaintanceship networks thaor networks are not supported
by the 2006 GSS data. Instead, the entire acquaintancestwpork appears to be about as segre-
gated as the much smaller network of close ties. We find th@alsdivisions based on religiosity,
political ideology, family behaviors, and socioeconontargling are high and in some cases rival
racial segregation in their intensity. Social polarizatrather than social isolation appears to be
the greater impediment to social integration in the U.Sayo®ur most positive result is the sur-
prising integrative role of the family. The growing heteeogity of American families, coupled
with the difficulty of hiding potentially objectionable $teses from other family members, appear
to produce family-based social networks that are less gatgd on a number of dimensions than

are networks based on workplace, neighborhood, or volyiatgsociations.

Social Integration and Interpersonal Association

It has long been known that people prefer to associate witerstwho are similar to themselves,
which produces segregation in people’s social networksgadovariety of core demographic sta-
tuses, including race/ethnicity, age, education and irec(@illy et al., 1984; Coleman, 1961; Blau,
1977; McPherson and Smith-Lovin, 1987; McPherson et aQ120The homophily principle is so

powerful that its existence is taken as a given in the soejaital literature. Two other issues, how-

ever, are considered to be highly problematic in the contearg U.S., and arise from the recent



and growing literature on social integration in modern \Wassocieties. One issue concerns ab-
solute levels of social isolation, i.e, the quantitativéege to which people are socially connected
to others, including with people like themselves. The sddesue concerns relative isolation, i.e.
the extent to which people—despite their tendencies tolWwardophily— have sufficient ties with
people who are different from themselves to be exposed inaamimgful sense to a broad spectrum
of attitudes, beliefs, and opinions.

Social isolation is theoretically linked in the contempgrhterature to the issue of social in-
clusion or exclusion, which especially in the European eginhas been closely tied to concerns
about social inequality and poverty. Social inclusion iBrae by the European Social Fund as the
ability “to participate fully in economic, social and culél life and to enjoy a standard of living
and well-being that is considered normal in the society incWlithey live” (Council of the Euro-
pean Union, 2004). People are included in the “life of the samity” (Sen 1992, p. 39) through
their social capital as well as through consumption of gamals services made possible by an
adequate income. From this characteristically Europesasppetive, social inclusion or exclusion
has both a material aspect, which affects standard of Inang a social aspect, which affects level
of integration into the broader society. Each of these d@spawreover, can be conceptualized at
the level of the individual or of social groups, and becomeseasure of the level of integration
and inequality for the society as a whole.

The American discussion similarly addresses both matandlsocial dimensions. Some of
this literature follows Bourdieu (1980) and Coleman (1988)lacing primary emphasis on social
capital as an individual-level resource in arenas such asatnal attainment, labor markets,
business, and politics. Other scholars, notably Putnartnéfu 1993, 1996, 2000) and Portes
(Portes and Sensenbrenner, 1993; Portes, 1998; Port€),2(¥s the macro-level characteristics
of social capital. Portes has placed primary emphasis oropbitous social capital, particularly
within the context of ethnic communities, which he referasdbounded solidarity” (Portes, 1998),
and which corresponds to what Gittell and Vidal (1998) réteas “bonding” social capital. As

Portes (1998) and Waldinger (1995) have argued, boundédhst} can be a resource for an



immigrant community, but it also can be a source of depmvatvhen practiced by more privileged
groups (e.g. white ethnic workers in the construction tsade exclude new ethnic groups from
jobs.

Contrasting to “bounded solidarity” or “bonding” socialital is what Gittell and Vidal (1998)
called “bridging” social capital, which concerns extravoounity ties, and which fosters integra-
tion in the larger society through heightened levels ofttfMgoolcock, 1998; Fukuyama, 1995;
Gambetta, 1988; Putnam, 2000). When trust is low, socitiem is high. High in-group trust
(high “bonding” social capital) but low out-group trust\ifd'bridging” social capital) “bolsters
narrow identities” and “may create strong out-group antégm” according to Putnam (p. 23).
In contrast, “bridging” social capital involves connectiothat “are outward looking and encom-
pass people across diverse social cleavages” (Putnam).ZDI0® combination of “bonding” and
“bridging” social capital arguably correspond to the cdiwth of “generalized trust” (Putnam,
2000) where one thinks that “people in general can be tristedause one actually has expe-
rience interacting with people who are both similar to arftedent from oneself (Paxton, 2007).

Prominent scholars claim to have found dis-integratiamnéstds in American patterns of asso-
ciation. Putnam (2000) provided numerous sources of eeeléor declining civic engagement,
and concluded his book by arguing that “the evidence fromiguiry shows that this longing
is not simply nostalgia or 'false consciousness.” Amergcare right that the bonds of our com-
munities have withered, and we are right to fear that thissfiamation has very real costs” (p.
402). Skocpol and Fiorina (1999) reached somewhat similaclasions, namely that Americans
were increasingly detached from the kinds of cross-classalmeeship organizations that had once
defined the landscape of voluntary association in Amerizdet replaced by nominal member-
ships (what Putnam called “mailing list” memberships) tivate primarily defined by the paying
of dues rather than actual social interactton.

Other forms of evidence paint a mixed picture. Residentgragation between blacks and
whites declined between 1970 and 2000 though not to a larmteand not uniformly, while

Asian and Hispanic residential segregation has slightlyeiased (Massey and Denton, 1993; Ice-



land et al., 2002; Frey and Myers, 2005). Families have becarore heterogeneous, and inter-
racial marriages in particular have increased though remedatively rare (Ellwood and Jencks,
2004; Gullickson, 2006). Meanwhile, abundant evidencedmsrged concerning the growing
correlation of statuses in American society, a processBlaat (1977) characterized as the “con-
solidation” of social parameters. This growing correlatmpposes the mild integrationist trend
that some see in the residential segregation data. In pkatithe association between income and
family type has increased (Burtless, 1999). The associdteiween wife’s education and hus-
band’s education has increased (Schwartz and Mare, 2008)a3sociation between income and
political partisanship has increased (McCarty et al., 20@ur own calculations from the Gen-
eral Social Surveys have established that the associatiwebn being married with children and
frequent church attender increased, the association batleing married with children and being
politically conservative increased, and the associatetmvben being a frequent church attender
and being politically conservative increased. All othengjs equal, one would expect that a rising
correlation of statuses would imply a lower frequency ofo%3s-cutting status sets” and “cross-
cutting cleavages,” and higher levels of values polamaatind conflict (Merton, 1957; Coleman,
1957; Lipset, 1963). Consistent with this expectation ie’6€2007) finding that generalized trust
has been declining in the U.S. for the past 30 years. Alsoistam is the work of Poole and
Rosenthal (2000), who documented a growing distance bettirepolitical positions of the me-
dian Democrat and the median Republican since roughly tddlmiLl970s. While DiMaggio et al.
(1996) found no evidence for a growing values divide as ofrtiiddle 1990s, analyses of more
current trend data by Evans (2003) show growing evidende‘plaatisan” Americans (those who
label themselves as liberals or conservatives) were begppuolarized around moral issues such
as abortion, sexuality, school prayer (see also Mouw an@IS2001; Green, 1996; Brooks, 2002;
Frank, 2004; and Baldassarri and Gelman, 2008).

Recent studies suggest that the absolute level of conmexdedf Americans depends upon
the character of the relationship tie elicited by the suryegstion. Zheng et al. (2006) obtained

a median network size estimate of 610 based on the 1998 Mc€aat. (2001) survey that asked



respondents questions of the form “How many people do yowknho [are in group X]?” The

2006 Pew survey instead queried respondents about thaigdiies using the prompt

Let’s start with the people you feel [alternatively SOMEWHEBLOSE TO or VERY
CLOSE TO],which might include those you discuss importaattars with, regularly
keep in touch with, or are there for you when you need helpnKihg about ALL the

people who fit this description and who do NOT live with youphmany are. . .

Using these prompts, Boase et al. (2006) found that Amesibad a median of 35 somewhat close
ties and 15 very close ties.
The 2004 GSS used a different prompt, and reported a muchr lewel of connectedness

(McPherson et al., 2006). In both the 1985 and the 2004 saytieg GSS interviewer asked:

“From time to time, most people discuss important matterth wiher people.
Looking back over the last six months—who are the people witbhm you discussed
matters important to you? Just tell me their first names diaisi IF LESS THAN
5 NAMES MENTIONED, PROBE: Anyone else?” (NORC interviewerit@s down

just the first five names and then asks further questions abesg¢ names).

In 1985, the mean respondent reported that he/she had skstusportant matters during the past
six months with 2.9 individuals out of a maximum of five. In 200n contrast, the mean was
only 2.1, and one quarter of 2004 respondents (later re¥es28.5% in McPherson et al. (2008))
offered no names in response to this question vs. 10% in 1d8Blierson et al., 2006). This high
estimate has recently been criticized by Fischer (2009}, aoth Fischer and McPherson et al.
apparently now agree that the 22.5% estimate of socialtesola at least partly an artifact of the
data collection process in the 2004 GSS (McPherson et 819)2@Regardless of the correct answer,
however, estimates of core network size cannot by themsedweal the level of social integration
achieved through social interaction, because much of tiesaction occurs with associates who

would not be characterized as strong ties.



Strong and Weak Social Ties across “Diverse Social Cleavagje

Putnam argued iBowling Alonethat the “bonding”/“bridging” distinction is “perhaps thmost
important” dimension along which social capital could vamyt that he could find “no reliable,
comprehensive, nationwide measures of social capitalrtatly distinguish ’bridgingness’ and
'bondingness’,” which caused him to de-emphasize thigraison in his empirical analysis and
focus instead on the simpler question of whether socialtabin general had declined (Putham
2000, pp. 22, 23). Despite the large empirical literaturesacial networks, his conclusion about
the state of available evidence remains accurate for tweoresa First, more attention has been
paid in homophily studies to some statuses than to othelishidaves gaps in our understanding
about potential barriers to social interaction. The sea@mtimore fundamental reason is the lack
of good data about the structure of complete social netwseirkduding the weak ties as well as
the strong ones.

As McPherson et al. (2001) discuss, studies of associaginger from marriage (Kalmijn,
1998), confidants and friends (Marsden, 1988; Verbrugg@éy12983) to mere contact (Well-
man, 1996), knowing about someone (Hampton and Wellmari,)28Cappearing with them in a
public place (Mayhew et al., 1995). This literature docutaenultiple dimensions of homophily,
including age, gender, race, and socioeconomic status.etAawmuch of what is known about the
level of homophily in social networks concerns close relaships (Moody, 2001), largely because
of the methodological difficulty of gathering informatiobh@ut people to whom one has relatively
weak ties.

Race is typically identified as the dimension along whichaaeetworks are most segregated.
Most of the evidence for this assertion comes from the stdidioge ties of marriage, kinship, and
friendship, especially school friendships or core-netaegsigns such as the 1985 and 2004 GSS
(Marsden 1988; McPherson et al. 2001). Marsden’s (198dysttithe 1985 GSS questions about
core social networks found that only 8% of adults with nekgaf size two or more reported being
tied to someone of a different race. Marsden estimatedriigiency as only one-seventh as high

as one would expect if people sorted themselves at randonmy taidies have similarly found
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strong evidence of segregation in racial friendships (€Qugllian and Campbell, 2003; Moody,
2001; Mouw and Entwisle, 2006). But, to repeat, these studie almost always about close
ties. Little is known about inter-racial acquaintanceshipade at work, in the neighborhood, or in
voluntary associations.

Even less is known about ties among Americans with differeligious practices or political
preferences. McPherson et al. (2001) argued that marfiagredship, and confiding relations are
homophilous with respect to religion, though religious logrily is not typically as strong as race
or ethnicity (Laumann, 1973; Marsden, 1988; Fischer, 19&Rich, 2000). Kalmijn (1998) re-
ported that marital homophily with respect to religion agseto be declining. McPherson et al.
(2001) note that some religious groups (e.g., Jews) clehslyiay homophily in their choice of
friends and spouses. In contrast, they conclude from taeiew of the literature that religion —by
which they primarily mean religious denomination— "may nwttter much at all" in relationships
that are not close. According to McPherson et al. (2001)pth&n exception concerns fundamen-
talists and members of sects, for whom religion has becomme#ong of a total environment.
Similarly, McPherson et al. (2001) report that people fores tbased on a similarity of values
as well as of social statuses, but the extent to which thieigdéimation covers weak ties outside
friendship groups or core social networks is an open questio

Many scholars have offered speculation about the reldtiprizetween tie strength and level
of homophily. The principle underlying Granovetter’'s &tgth of weak ties" hypothesis was that
weak ties provided connections to people who were more @tmnally and socioeconomically
dissimilar from oneself than did strong ties (Granoveti€&¥73; see also Lin, 1999). Putnam
similarly argued that close ties were more likely to be widople like oneself, while weak ties
were more likely to be with people who are different from aesSmith-Lovin (2007), following
Blau (1977), argued that homophilous as well as multipleg &re more likely to be strong ties,
while ties among dissimilar others are more likely to be wedke 2004 GSS data, however,
suggested that multiplex ties are uncommon even withingoc&l networks (Smith-Lovin, 2007).

The major challenge for testing these ideas is that relgtlitde is known about the structure



of weak ties. Research using position generators (Lin €2@01) and resource generators (Van der
Gaag and Snijders, 2005) has focused more on the specife aésastrumental ties in the labor
market than on the broader question of social integrati@acaéled “complete network” designs,
in which the connections between all members of some relestdopopulation are collected (e.g.
the Newcomb (1961) fraternity study, the Add Health frigmdsand sexual relationship study
(Bearman et al., 2004), or the Nang Rong, Thailand studydfidass et al., 2004)) obviously miss
weak ties that link outside the subpopulation under studg,ia any case, these designs do not
scale well to the world of adult Americans. The 2006 GSS datxefore, offers the potential to
fill an important gap in scientific knowledge about the stuoetof segregation and homophily in

complete social networks.

Data and Methods

The data for this study were collected as a special topicautean the 2006 General Social Sur-
vey. The basic design was similar to McCarty et al.'s 1998E91D surveys that employed a “how
many X’'s do you know?” methodology in order to estimate trstrddution of individuals’ network
size, and also to estimate the sizes of special subpopuogatiat tend to be hard to count with stan-
dard survey methodologies (McCarty et al., 2001). Our sudréered from the McCarty et al.
surveys in its focus on ties to highly salient groups thatrgeiinportant sources of heterogeneity
among Americans and potentially important sources of $atéavage. Our survey also differed
from McCarty et al. in the type of relationships that we meadwand in the several subsets of a
person’s full network that our questions pertained to.

We asked about two types of relationships. Our prompt comegracquaintanceship was as

follows:

I’m going to ask you some questions about all the people thatye acquainted with
(meaning that you know their name and would stop and talkesst or a moment if

you ran into the person on the street or in a shopping mallpidglease answer the



guestions as best you can.

The second type of relationship that we studied concerned. trColeman defined trust as the
willingness to place intellectual, financial, physical dher resources at the disposal of another
party (Coleman, 1993). An individual usually trusts one’s friends, but there aresstpeople one
may trust who do not qualify as friends, such as kin, or mextor people that one has a service
or business relationship with. The extent of one’s trusatrehships may in turn be related to
one’s level of "generalized trust,” i.e., one’s belief abie trustworthiness of the average person
or of the "benevolence of human nature in general” (Yamagisti Yamagishi, 1994). Our trust
guestion is about the respondent’s specific trust relatipssas opposed to generalized trust, and

was elicited with the following prompt:

Now I'm going to ask you some questions about people that past,tfor example
good friends, people you discuss important matters withrusmt for advice, or trust
with money. Some of these questions may seem unusual buatkegn important
way to help us understand more about social networks in AvaeRlease answer the

guestions as best you can.

Following the prompts concerning acquaintanceship ot,tthe GSS interviewers asked respon-
dents a series of “how many of the people that-you-are-astpgrwith/that you-trust are named
[one of a set of names]” in order to estimate the size of theardent’s network (i.e., the network
degree)ft The interviewers then asked about specific ties with peopl@@ous socioeconomic
levels, people who were members of various race and ethougpgr people with various religious
behaviors, people in various family types, and people wittious political orientations. The

specific groups that we asked about are listed in Table 1.
[Table 1 about here.]

It is a general property of human interaction that statubebaviors, and values which are

central to one’s own identity may be misperceived or go uicedtby one’s acquaintances. Ego
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would generally know the race of people that he is acquainiéad, and he may well know the
political ideology, religiosity, or family situation of pple that he knows well. However, ego
might often not know the political ideology, religiosity, family situation of his acquaintances. If
he were to count the number of his associates who are pdiitidzeral, or who are gay, or who
attend religious services on a regular basis, he would @saciy) base his count on Ipgrceptions
about others. Thus, when two individuals with the same eggthnetwork size report that they
know very different numbers of people who are politicallynservative, there might in fact be
a big difference in the number of political conservativeshair networks, or they could instead
have similar networks but very different perceptions alibair acquaintances. Regardless of the
true level of integration of acquaintanceship networksc@eed integration is important because
it describes the social world as experienced by the peoptelwé in it. As Thomas and Thomas
(1928) wrote, “If men define situations as real, they are irettieir consequences.”

In the McCarty et al. surveys, the groups being asked abogt @feen very small (e.g., women
who adopted kids in the past year, or people who committezid®iin the past year), and respon-
dents were asked to list the exact number of individuals #rew in each of these groups. In
contrast, our interest encompasses socially prominentpgrthat typically have a large mem-
bership (e.g., people who are unemployed, or people regpbigl pretty certain attend religious
services rarely or never), and it is either burdensome easible to ask respondents to recall the
exact number of people they know in these groups. Consedguemt asked respondents to indi-
cate whether the number of people they knew fell within dpeaumerical ranges, specifically
zero, one, two to five, six to ten, or more than ten.

We asked questions about the number of persons known oedrusthe respondent’s entire
social network. In addition, we asked these questions wespect to four specified subnetworks:
(2) family, relatives, or in laws, (2) neighbors, (3) peoptevork or customers or clients, and (4)
people from associations, clubs, preschool, school, areglaf worship. We asked about each
of these subnetworks to establish how segregation withemtgp specific groups varied across

major “foci of interaction” within a person’s overall (Feld981). These questions also served
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two methodological purposes: they reduced response binglémiting the scope for the recall
process, and they created additional response variancercong the number of ties with persons
in the specified social groups.

Our overall sample size was 1371. In order to accomplish toggt’s objectives, we subdi-
vided our sample in complex ways. Fifty percent of the sam@ee asked the questions about
acquaintanceship and trust concerning their entire soeiabork. The other fifty percent were
divided into four subsamples, and each of these subsamplessked about ties within three of
the four subnetworks listed above. Figure 1 illustratessém@ple design. Restrictions on total
module length caused us to exclude questions about conitéicth® same or opposite gender be-
cause men and women make up such large shares of the poptitetiat would be difficult, given
our methods, to measure variation with accuradye also omitted questions about contact with
groups defined by age or education in order to focus on theades most salient to the current
debate on social integration, namely race/ethnicitys;leigion, political ideology, and family or
romantic relationships. The response rate varied by quedgtom 99% for some of the names and
the race questions to 95% for having acquaintances who wempioyed or who owned a second
home or were gay, to 92% for knowing people who go to church oegalar basis and 89% for
knowing people who never attend church. The lowest respats€81%) was for knowing people
who “you are pretty certain are strongly liberal.” The patitef missing data for the trust questions

was similar to that for the acquaintanceship questions.
[Figure 1 about here.]

Our modeling strategy is described in detail in Appendix ée(also Zheng et al., 2006). We
assume that the number of individuals in gréupat are known to individual(i.e., yi) follows a
Poisson model, i.e.

Yik ~ PoissorA k)

whereA i is the expected number of individuals that individukhows in grougk. The main task

therefore is to model .
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In a world where associations were made at random, it wouldttzghtforward to model
Aik; for every individuali, the expected number of people in grduthat she knows would equal
the product of the size (degree) of her network multipliedHosy fraction of all acquaintanceship
ties that involve grougk. For example, if 12% of all acquaintanceship ties involveddoan-
Americans, an individual who know 500 people would be exgetd know 60 African-Americans.
More formally, let

a; equal the estimated degree of individual i’'s acquaintampeasetwork.

bk equal the proportion of all ties that involve group k. Thenceeld write

Yik ~ Poissortajby) (1)

Model (1) is unrealistic because individuals differ in th@iopensity to know members of any
particular social group. We take this overdispersion imwoant by allowing the relative
propensity of individuals to know members of group k to diffd/e definegik as the relative
propensity of individual to know someone in groug whereg is the ratio of the expected
number of ties for individuall to the number of ties he would be expected to have if

acquaintanceship ties were made at random, i.e.,

and we elaborate the basic model such that

Yik ~ Poissorajbygix) (2)

We cannot directly estimate the parameters in model (2)usecéhe number of parameters
exceeds the number of data points. Instead, we integrathegi by assuming that it follows a

gamma distribution, and thereby obtain the negative biabmodel.

Yik ~ negative binomiglmean= a;by, overdispersion= wy)

13



where wy scales the variance of the number of acquaintanceship et®gebn individuals in the

population and members of grolpi.e.,

V (Yik) = WkE(Yik)

Higher values otoy imply greater overdispersion. Wheuy is unity, the negative binomial model
reduces to the Poisson model where the variance equals #re me

We use overdispersion as our primary measure of networkegation. Segregation, ho-
mophily, polarization and overdispersion are related epts; but they are not exactly the same.
DiMaggio et al. (1996) used “polarization” to refer to thragpects of the distribution of public
opinion: the extent to which opinions on some issue were spgothe extent to which attitudes
on different issues were correlated (they used the wordsttamed”) and the extent to which
attitudes were correlated with various social statusescfwtiney referred to as “consolidation”).
Taking opinions one at a time, they measured the level ofrjzalion in terms of the variance
of the attitude distribution (they called this “dispersipand the shape of the distribution (they
measured this in terms of kurtosis, which is related to biatibg).

The related concept of “segregation” is the extent to whiebpgbe are separated from each
other on the basis of specific statuses, such as race, gendearning difficulties. The separa-
tion is typically defined with respect to some single charastic of individuals, such as one’s
occupation, job, employer, classroom, or the geograpluation of one’s residence. It is typi-
cally measured in terms of the difference in the distribuid two or more groups with respect
to this characteristic (e.g., as the percent of each groatpnbuld have to be rearranged in order
to equalize the distributions of the groups). High segiiegatplies unequal or at least different
group experiences with respect to the characteristic istipre(job, residence, or classroom) and
also usually implies lowered rates of contact to the exteat $ocial interaction is structured by
geography, employer, classroom etc.

In this paper, we are directly concerned with the level oftaonitself rather than the charac-
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teristics that may structure contact, and so we use the teegrégation,” which is related to the
concept of homophily, i.e. the tendency for people to asgeawvith others who are like them-

selves on some (or several) particular status or attitudesloef dimension(s). We operationalize
network segregation as the extent to which the individeaél variance in the level of contact with

a particular social group (“dispersion”) is higher than evauld expect under a random mixing

model. In theory, high overdispersion could be producedbyiomophily (e.g., if people avoided

contact with others like themselves), but as a practicatanéand as we have verified for the GSS
data), overdispersion is generally produced in large palnidmophily. In other words, people tend
to know more people who are in the same statuses as them#awvesne would expect from an

assumption of random interaction.

Additional conceptual insight can be obtained by compaadwerdispersion to measures that
have been used in the literature on segregation. While thexiof dissimilarity is the most well-
known measure of segregation, researchers have also ¢oakegd segregation as a measure
of inequality across geographic units (e.g., census dractsin some larger geographic area (e.g.,
metropolitan areas) in the proportion of the population ibeninority (Massey and Denton, 1988).
Our model focuses on individuals, not geographic units,iastéad of proportions who are in a
particular group, we model the number of ties that involvgeacsic group. The coefficient of
variation (CV), which is a standard measure of inequalityli$an, 1978), equals the standard
deviation of some resource divided by its mean. If we conedzte contact with a specific group

as a resource that may be unequally distributed in the ptipnjdhen it follows that

VYY) [
Vi = E(yi)  V abx

If we take the ratio of inequality of contact with members abgpsk andk’ for individuals who

have the same network size (i.e., the same val#g,afe obtain

CW . % Wk
CVie N by Wy
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In other words, if contact with grougsandk’ is equally overdispersed, then the inequality of
contact with grougk differs from the inequality of contact with grol only as a function of the
difference in the relative share of ties that involve grokpsidk’.

A related measure of segregation is the index of exposutevisintroduced by Bell (1953),
and elaborated by Lieberson (1981) (see also Massey andmel®88). The isolation index
(which equals one minus the interaction index) measuresxtent to which members of a partic-
ular group are exposed only to one another, rather than toethieof the population. This index

was written by Lieberson as

X._'z
t

X| =
Mz

*
XPx =

|
wherex; are the number of members of minority groxipy geographic unit, tj is the total popu-
lation in geographic unit, and X is a scaling factor that equals the total number of nitngroup
members across dN geographic units. If we substitute individuals for geodpiapunits, therx;
is analogous to the number of ties between an individual agthipers of group, andt; becomes
the size of individual’s network. If we re-express this relationship in terms gbestations from
our Poisson model (and refer to group x as grkypve obtain

P~ i(aibkgik)z 1 iaigi
= aj i<

If everyone in the population had the same network sizegttpsession becomes a simple function
of the variance of the relative propensities in the popatato have ties with members of group
k, which is related to the overdispersion parameig, Thus, we see that standard measures of
segregation are closely related to the concept of overdigpeused in this paper. Residential seg-
regation measures are typically computed for specific ggauc areas, for example, metropolitan
areas. In this paper, we compute measures of overdispesioss the entire country rather than
(for example) for distinct metropolitan areas, but this isoasequence of the nature of our data
(a national sample of limited size) rather than of the mesgsifirsufficient data were available,

overdispersion measures for segregation in acquaintaipcestrust networks could also be com-
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puted for individuals living within specific metropolitaneas or other geographic areas within the
United States. The social networks of these individualspofse, would generally extend outside
the specific geographic area unless the question resttioteaetwork scope to alters living in the
same area as ego.

Three further issues need to be briefly summarized. Two gktissues concern the estimation
of the size of acquaintanceship or trust networks. In mo2glthe predictedix depends on the
product ofg; (the size of ego’s network) ark (the proportion of ties that involve group k). In
order to identifya; andby separately, we borrow information about the size of the gsdtom other
sources, such as the fraction of the population with spatdines (see Appendix A or McCormick
and Zheng (2007) for details).

The second issue concerning the estimation of network sizecall error. Prior research
demonstrates that individuals find it easier to count at¢elyréhe number of individuals they know
from rare groups than from common groups. Put concretely,atsier to recall the number of
females that one knows who are named Bethany than it is td teeaaumber of males one knows
who are named Michaél. To ease respondent burden, we used intervals to ask resperat®ut
people they know (zero, one, 2-5, 6-10, or greater than 10)tHis does not by itself solve the
problem of under-reporting. McCormick and Zheng (2007)velioat people tend to over-recall
ties involving very rare names and under-recall ties invgwommon names. We estimated a
recall function to transform the known proportion of grdum the population into an estimate of
the fraction of network ties that will be recalled to connefth groupk, and this then gives our
estimate of degree size (see Appendix A for further details)

Using external information on the frequency of names aloitg e recall function works
well for estimating the size of acquaintance networks, bgivies estimates of the size of trust
networks that in our judgment are too large. The names thaehezted for the GSS survey were
only a small fraction of 1% of the American population, whitieans that 0, 1, and 2-5 would
be typical responses to the question about how many peopiesaiame one is acquainted with.

However, trust networks are much smaller than acquainsmg@etworks. It would have required
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another set of more common names — each around 1% of the piopulato estimate the size of
the trust network on the basis of trust of people with a givenas first names. It is also likely
that recall problems are much less severe for the relatslgll group of people that one trusts
than for the larger group of people that one is acquainteld. v@onsequently, applying the recall
function estimated from the acquaintanceship data to tret tretwork would upwardly bias the
estimated number of people that one trusts. An alternatvenalization strategy assumes that
the proportion of ties involving racial groups equals tralective proportion in the population.
We use the latter strategy in our analysis of the network opfeethat one trusts. Our alternative
normalization strategy provides estimates of the sizeudttnetworks that closely approximate
estimates obtained in the 2006 Pew Survey (Boase et al.)2006& similarity suggests that the
logic underlying our race-normalization strategy is rewdue (see below including footnote 20
for additional information). In any case, our estimates \wérdispersion are not affected by our
choice of normalization strategy or by the use of a recaltfiom to estimate the size of the degree
network (see Zheng et al. (2006) for further detéls).

The third issue, which we have already mentioned above sroscthe distinction between ob-
servable and hidden statuses. Killworth et al. (2003) ref¢ine situation where information about
one’s status is not transmitted with equal probability igpabple that one knows as a “transmis-
sion effect.” Some statuses —most notably skin color— aiendthough not always) observable.
Other characteristics such as political ideology or sexu@ntation are not as readily observed,
and it might often be true that a respondent would recall H#qéar acquaintance but not neces-
sarily know that the acquaintance was politically conséveagay, in a cohabiting relationship, or
someone who goes to church on a regular basis. Sometimessgendent does not know because
the information has low salience for him. In other cases, hg averestimate the extent to which
other people that he knows are like himself (McPherson e2@0D1; Goel et al., 2009). Finally,
sometimes the information is masked on purpose by acquaiesavho think he would be put off
by this knowledge (Noelle-Neumann, 1993). Thus, conseesimay hide their ideological orien-

tation from liberals, gays may hide their sexual orientafiact from those who are homophobic,
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etc. Generally speaking, we expect these “transmissian®rwill make networks appear to be

more segregated than they actually are and may contrib@gésception that the U.S. is a more
polarized society than it actually is (DiMaggio et al., 198&ldassari and Bearman, 2007; Gel-
man et al., 2008). The fact that our estimates will overstatgregation on certain dimensions is
not simple error, however; it instead provides an accurstienate of the level of segregation and

the extent of “bridging social capital” that ego perceivesis network.

Results

Acquaintance Networks

The size of acquaintanceship networks varies substgnitighe adult population. Figure 2 shows
the distribution of the recall adjusted acquaintanceslepvark. We estimate that the median
person is acquainted with 550 people, with an estimatedgugetile range of approximately 400
to 800° Our estimate from the 2006 GSS data is similar to the 610 astiwf the median made
by Zheng et al. (2006) based on the 2000/2001 Kilworth and MtyCdata (see also Marsden,
2005)10 As Table 2 shows, the strongest predictors of acquainthizeegree in our data are
education, income, race, immigrant status, and churchadtece, a pattern that is consistent with
studies that have used other strategies to study sociabretWMcPherson, 1983; Marsden, 1987;
McPherson et al., 2008}. Each year of education is associated with an increase of @2eeor
about 3%, in one’s acquaintanceship network. Net of edoicaincome also has a small effect,
with each $10,000 in additional family income predictingiacrease of 9 acquaintances. Blacks
and U.S. born Hispanics have smaller estimated networksdbavhites, though the difference is
not statistically significant, net of other covariates ia thodel. However, members of other races
and foreign-born Hispanics have estimated acquaintairestworks that are 26% smaller than
those of white, and respondents who attend church on a weeklg have 25% larger networks
(about 150 people) than do those who rarely or never atteanctlshnet of other covariates. The

added network members of frequent church members are patdyithe people that they know
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from their participation in religious services and othetiaties at their places of worship. The
relatively small networks of the foreign born and of respemd who are neither white, black, nor
Hispanic suggests greater social isolation for respoisdehb migrated to this country and for
those who belong to relatively small population groups Btau, 1977), though our methodology

may understate the network size for these latter groups afrianst?
[Figure 2 about here.]
[Table 2 about here.]

Estimated overdispersions in acquaintanceship sochalmks (medians and interquartile ranges)
are presented in the second and third columns of Table 3. Vérelispersion parameters provide
an estimate of the ratio of the true variance to the variarara the null model of random mixing.
In the case of people named Kevin, the estimated median ispergion is 1.7. So for example,
if ego knows 900 people, and if 1% of all people are named Kehien ego would be expected
to know 9 people named Kevin under the null model with a stechdaviation of 3. An overdis-
persion of 1.7 implies that the standard deviation of the Ipemof Kevins known to people with
900 acquaintances is inflated from 3 upwards only slightlg.8people (i.e., 3 multiplied by the
square root of 1.7). In general, the overdispersions fougsalefined by names were low, which
supports our using these names to estimate the distribotinatwork degree in the GSS sample.
In contrast, overdispersion is much greater for ties withugs defined by or related to class, race,
political orientation or religiosity. For example if 5% adaal ties involved the unemployed, then a
person who knew 500 people would be expected under the asmoprandom mixing to know
25 unemployed people with a standard deviation of 5. In faetgstimate the standard deviation
to be 16, implying an approximate 95% confidence interval td 67, which is wider than the
15-35 confidence interval in a world of random mixing. In athe@rds, the social networks of ac-
tual Americans are more heterogeneous than the randomgmxadel would predict, with some
people knowing ve